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PRMACE is Lifewood's six-layer framework for building Al agents a
business can trust: Prompt, RAG, MCP, Agents, Clones, and Experts
of Agents.
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Everyone wants an Al assistant. Far fewer know what it takes to build one that is genuinely helpful. Imagine
asking a chatbot a real question, in your own language, at two in the morning. The answer comes back instantly.
Itis also correct, grounded in the company’s own information, and able to take the next step for you. That is the
promise of Al agents. The gap between that promise and a dead-end bot comes down to how the assistant is
built.

Why do local Al answers need a global brain?

Before any agent goes live, it needs good data and people who understand the world it will serve. This matters
more than most teams assume. According to research from Stanford HAI, The Asia Foundation and the University
of Pretoria, published in April 2025, most major language models underperform in languages other than English.
The weakness is sharpest in lower-resource languages, and it extends to cultural context. Independent
benchmarks report the same pattern: models answering in low-resource languages score 13.8 to 16.7 percentage
points below their English performance on comparable tasks.

Customers notice the difference. According to CSA Research, which surveyed 8,709 consumers across 29
countries, 76% prefer to buy where information appears in their own language. A further 409 will never buy from
a site in another language, rising to 89% among those with no English competence.

That gap is why Lifewood builds with people, not just translation. An assistant is trained and checked by native
speakers who know the culture. English output is not translated word for word. A chatbot built this way does not
only workin an English lab. It works for a customer in Cebu, Chottogram, or Kuala Lumpur — drawing on
multilingual data collection across 50+ languages, 30+ countries, and 40+ delivery centers.

What does PRMACE actually mean?

PRMACE is a simple way to remember the six building blocks of a trustworthy assistant. Each layer adds
something the one below it cannot do alone. A prompt gives direction. RAG gives facts. MCP gives reach. Agents
give action. Clones give scale. Experts give oversight. Stack them in order and a plain language model becomes a
dependable teammate.

e P —Prompt. Clear instructions: who the assistant is, and what to do.

e R —RAG. Looks up your trusted facts before it answers, so it does not guess.
e M — MCP. Safely connects the agent to your real tools, systems, and live data.
e A —Agents. Plan, act, and finish a task from start to end, not just chat.

e C —Clones. Scale one expert’'s know-how so it can help thousands at once.

e E — Experts of Agents. Human specialists design, train, test, and supervise the whole thing.

Two layers are open standards, not Lifewood inventions. Retrieval-augmented generation was introduced by
Lewis and colleagues at NeurlPS in 2020. According to that paper, pairing a language model with a retrieval step
produces more specific and more factual output than the model alone. Anthropic released MCP in November
2024 as an open standard, and about twelve months later it was donated to the Linux Foundation’s Agentic Al
Foundation.


https://lifewood.com/multilingual-data-collection

How do the pieces fit together?

Onits own, alanguage model is a brilliant talker with no memory of your business and no hands. PRMACE gives it
both. The prompt tells it who to be. RAG hands it your trusted facts. MCP plugs it into your real tools. The agent
turns all of that into action. Clones let one expert’s judgment serve everyone at once, and human experts watch
the whole loop.

The agent sits in the middle. It is only as good as the facts, the connections, and the people around it. That is
why Lifewood treats an agent as a system to be supervised, not a switch to flip on.

How does a question become a trusted answer?

Here is what happens in the seconds after someone types a question. The request is read in whatever language
it arrives in. The prompt shapes it into a task the assistant understands. RAG retrieves the relevant passages
from approved company material. MCP pulls any live data the answer depends on, such as an order status. The
agent then decides what to do and carries it out. The result returns through a clone, so the tone matches the
brand. Human experts review flagged cases.

¢ Youask —inany language.

e The prompt shapesit —P.

¢ Facts and tools are gathered — RAG + MCP (R - M).
¢ The agent acts, expert-verified — A-E.

e Atrusted answer comes back — via a clone (C).

Every correction feeds back, so the assistant keeps improving. By the time an answer reaches you, it has been
grounded in real facts and checked against expert standards.

How does PRMACE improve customer service?

In customer service, the result is a dependable teammate rather than a gimmick bot. It is available 24 hours a day,
7 days a week, 365 days a year. It is fluent in dozens of languages and backed by human review for anything
sensitive.

The business case is measurable. According to a study by Brynjolfsson, Liand Raymond in The Quarterly Journal
of Economics, 5,172 customer support agents were given an Al conversational assistant. Productivity rose 15%
on average, measured as issues resolved per hour. The earlier working paper put the figure at 13.8%.

The same research programme reported where that gain came from. Agents spent about 9% less time per chat.
They handled roughly 14% more chats per hour, and resolved about 1.3% more of them. Gains reached 34% for
the least experienced staff. Attrition among agents with Al access was 8.6% lower than among those without it.

A well-built assistant does not replace the team. It lifts the people who need help most. Clones let one expert’s
judgment reach thousands of customers at once, and experts keep that judgment honest — the same human-in-
the-loop discipline Lifewood applies across its Al data services.

The best Al assistant is not the one that talks the most. It is the one you can trust, in any language, at any hour,
anywhere in the world.


https://lifewood.com/blogs/human-in-the-loop-aigc
https://lifewood.com/blogs/human-in-the-loop-aigc
https://lifewood.com/ai-services
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